Assessing a company’s financial
strength when you don’t have
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Using qualitative scores for better credit and supplier risk assessment
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Introduction: decision-making
when you haven’t seen the books
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Think of a word that encapsulates your day-to-day work; the
research and due diligence you undertake, the assessments you
make and the decisions you reach, as well as the near misses you
avert and the consequences you face.
I’d put my money on that word being “risk”.
Risk assessment colours everything we do, from where to cross
the road on our way to the office in the morning, to whether we
should sign that multi-million-dollar deal with a supplier whose
raw materials will be at the heart of our manufacturing operation
for the next five years.
Some of us are risky; some are risk-averse; most would say we’re
somewhere in between. But wherever we place ourselves on
that spectrum, we like to think our decisions are based on sound
judgement and careful appraisal of the facts. If you’re good at
your job, they probably are.
But what if the facts are absent? Not all of them, but the central
ones on which your decisions would usually rest. What then?
Bureau van Dijk is in the business of certainty, after all, and it’s
something we all crave.
In the case of big strategic decisions like the raw material supplier example above, there are no workarounds.
But when considering the hundreds of smaller decisions you and your colleagues make week in, week out – ones that,
not individually, but collectively can determine whether your business is profitable – assessing peripheral facts, if they’re
well-structured, relevant and contextualised, will give you an edge.
Let’s take a quick analogy.
You’re a commissioning editor for a fiction publisher. At short notice you’ve been called to put forward for review at a
meeting one of three manuscripts you’ve been sent.
You haven’t read any of them.
Two are from unknown authors but the author of the third has already published two critically and commercially
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successful novels under a respectable imprint, you know her agent, and the genre of her work is on the rise.
Despite knowing nothing about the content of any of the manuscripts, it should be obvious from these related
“environmental” factors which book most of us would put forward if we were pushed. Yes, we might be overlooking an
undiscovered Hemingway but on the balance of probabilities the “safe bet” will – in most cases – be just that.
If, in your real line of work, you’d usually make decisions based on a company’s books – its balance sheets, profit and
loss accounts, financial ratios, cash-flow statements and other financials – but they’re not in the public domain, the
situation is surprisingly similar if you know what else to look for.

Whether you work in procurement or supplier risk, or you
need to assess the creditworthiness of a potential customer,
the big question is: how can you assess a company’s
financial strength – and therefore the financial risk of doing
business with it – if you can’t access its financials?
Well, some companies look at past relationships, for example.
If the third-party company in question is a supplier, old records
should show how quickly they delivered, whether everything was
on budget, if there were any disputes along the way and the like.
If the third party is a customer, payment history can be useful.
There are plenty of channels to explore and it all adds to the mix.
But they’re somewhat piecemeal and don’t apply to all
companies, not least the ones with whom you have no past
dealings.
In this white paper, we’ll show how innovative and streamlined
methods in qualitative analysis – or rather a quantitative
analysis based on more qualitative, non-financial factors – can
complement your existing processes, potentially adding to the
reliability of your risk assessments of all companies.
But first, let’s see just how big the challenge is – or was.
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The scale of the challenge
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Money talks.
And when assessing the financial strength of a company, nothing
speaks louder than a healthy – or ailing – set of financials.
But companies don’t always want their money to talk, certainly
not all the time and not to everyone. Most don’t, in fact.
The situation varies from nation to nation, influenced by the
cultural and legislative drivers discussed in our white paper,
Untangling the world of private company information
(http://bit.ly/2hPJ3XI). But, the world over, only a minority of
companies choose or are required to make all or even some of
their financials
publicly available.
Orbis, Bureau van Dijk’s global database of private and public
companies, bears this out. Holding structured information on
more than 200 million companies, its coverage is rich, broad and
deep. Around 25 million of its company records contain the type
of financial information that can be used to infer financial strength
in the traditional way. That’s an impressive number but clearly
there are gaps.
Bureau van Dijk prides itself on the diversity and breadth of its
information providers and partners. There are 150 of them around
the world, six operating in the specialist business risk assessment
space, whose models are used to assess the financial strength
of companies.
One partner, Italy-based credit rating agency modeFinance,
featured in our white paper, Internationally standardised
company information for credit risk (http://bit.ly/2hPzBU5). Its
“MORE score” – a quantitative measure with a very high degree
of accuracy, which makes allowances for international and
sector-specific expectations – is the basis of one of our financial
strength modules.
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But it doesn’t show the full picture. Based on Orbis data, modeFinance’s analysis shows the scale of the problem
through this graphic:

Companies around the world on Orbis and the status of their financials

25,000,000

200,000,000

Listed

Publicly available

Big data risk model

And the agency notes that its own clients have been clamouring for information on all companies, not just those with
accessible financials.
“Users needed to have an idea of the quality of their own clients,” says Andrea Sorrentino, an analyst at the agency.
“It’s preferable to have their financials, of course, but when that’s not possible, they still wanted a decent view. So we
needed to consider different information.”
“Our goal,” says Sorrentino, “is to evaluate them all.”
But how...?
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An innovative and powerful
new model
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“Only limited qualitative information is available on the roughly 175 million companies [on Orbis]
that do not make public disclosure of their financials,” says Sorrentino. “So the MORE score can’t
be used.”
To reach their goal, modeFinance therefore needed to:
•

Understand what qualitative information is available for these companies and collect it – for
which they used Orbis;

•

Analyse it; and

•

Develop a scoring model solely based on such variables.

Given the efficacy of their financials-based model, the idea on which modeFinance’s new
qualitative model is derived was to replicate (and take as a benchmark) the performance of the
MORE score; the latter has been shown to have a strong discriminating power in terms of both
creditworthiness assessment and default prediction. (See the chapter on “back-testing”.)
To do this, they looked at the great many variables attached to entity records on Orbis, all of them
well-structured, checked and periodically updated.
Some of these variables can be considered “environmental” factors, such as country and sector.
Others are more “personal,” such as information directors and owners. (Bureau van Dijk’s
sophisticated corporate ownership data plays a very important part in this model.)
Here’s a summary of some of the broad types of information used, all of it pulled from Orbis:
•

The size and strength of shareholding companies and subsidiaries;

•

The average MORE score for the sector in which the company operates;

•

Its management and number of directors; and

•

Its experience and structure, such as years in business, number of employees, and capital
and legal form.

This world of information used in the new model can be pictured in this non-exhaustive graphic
developed by modeFinance:
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Their underlying philosophy has been “to weigh the qualitative information proportionally to its ‘distance’ from the entity
to be rated”. For example, the score of a shareholding company (in some cases for which we do have financials) might
be weighted highly, since such information is “very close” to the reference company. On the other hand, the average
score of the sector in which the company operates “will receive a lower weight, since such information is ‘distant’ from
the reference entity”.
This diagram gives a good overview of their thinking for each variable’s distance and therefore relative weight:

The precise calculations are modeFinance’s intellectual property, and they’ve been adjusted and refined to maximise the
model’s discriminatory powers, using the MORE score’s performance as a benchmark.
Particularly powerful in shaping the model are modeFinance’s “correlation analyses,” performed on sample sets of
companies, some in the same corporate group, that have full MORE scores. Through these analyses, weights can be
validated – the score of a company’s global ultimate owner (GUO), for example, has a “correlation of about 40% with the
reference entity’s score,” according to Sorrentino.

bvdinfo.com
13

This is illustrated in the below diagram, where the y axis shows the level of correlation of the subsidiaries represented
by each bar. The labels along the x axis are of the corresponding GUOs for each group of subsidiaries, showing the
GUO’s “health”.

Company score v GUO score

A company’s score is only half the picture offered by this model. The other is the “confidence level” given to the score.
These are based on the number of available variables and the type of variables. These have been tested and refined by
modeFinance to provide the most nuanced picture possible.
The market has been “pleased with this approach,” says Sorrentino, speaking of modeFinance’s direct clients. And this
is hardly surprising; describing the scores as “qualitative” is something or a misnomer. While it’s not based on financials
(except occasionally other companies’ financials), the model is still quantitative in the sense that it’s mathematical and
often uses measurable quantities.
“Non-financial financial strength scores” would be a more accurate, if slightly repetitive, term.

bvdinfo.com
14

Our enhanced financial strength
module
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In October 2016 we added this “non-financial financial strength score” – or qualitative score – to our financial strength
module on Orbis. The response for us as has also been positive.
Reviewed weekly, these scores are also available on the Catalysts that Orbis powers, such as Credit Catalyst (http://bit.
ly/2gY1xD4 ) and Procurement Catalyst (http://bit.ly/2hQJlQE).
Through Catalysts, users can blend their own customer and supplier data with Bureau van Dijk’s vast dataset. This helps
with workflow management and building tools such as adjustable, bespoke scorecards.
The addition of this new qualitative score increases the proportion of companies for which we provide financial strength
information from somewhere below 13% up to nearly 99% of all 200 million+ companies.
Note that qualitative scores are available on almost all companies, not just those without MORE scores or without
scores provided by our other information partners that are also derived from financials.
Users with access to the financial strength module will now see something like the screenshot over leaf.
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The dial shows the score, which in this case is C, on a scale from A (“good”) to E (“negative”).

But – crucially – the confidence level is also shown under the dial, along with the “top explanatory factors” for that
confidence level.
So this confidence level represents an important caveat, and these scores should be used with caution and as part
of your wider analysis. But they provide good supplementary evidence of a company’s financial strength, and for
confidence levels above 80%, “the model reaches a very high discriminating power,” according to Sorrentino.
Which brings us to demonstrating that discriminatory power. This is done through back-testing, a complicated but
crucial topic, which deserves its own chapter.
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Back-testing the data behind
qualitative scores
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According to Stephen Satchell and Wei Xia in their 2006 research paper, Analytic Models of the ROC Curve: Applications
to Credit Rating Model Validation:
“[T]he quality of a rating system is determined by its discriminatory power between non-defaulting obligors
[debtors] and defaulters ex ante for a specific time horizon, usually a year. The CAP [Cumulative Accuracy
Profile] measure and ROC [Relative or Receiver Operating Characteristic] provide statistical measures to assess
the discriminatory power of various rating models based on historical data.”
The same is true when assessing which companies from a larger set have gone out of business in a given period of time.
We won’t dwell on ROC curves. But CAP curves deserve a few moments’ contemplation, as they can help enormously
in visualising the power of qualitative, as well as quantitative, financial strength models.
To test its own models, an agency like modeFinance would gather a recent sample of a year’s historical data for a large
set of companies, both active and defaulted – modeFinance defines “defaulted companies” as those that have gone
bankrupt, gone through insolvency proceedings or gone into liquidation. (This is all recorded on Orbis, which provides
company data for modeFinance’s models.)
The companies’ scores would have been derived from the model and applied no more recently than one year before
being analysed in the test.
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The aim of the test is to determine the discriminating capacity of the model ex ante – in other words, as a forecast. A
good model will have given the defaulted companies lower scores than those of the active companies.
How good the model is can be shown by a CAP curve. To create one for that dataset, one would line up all the
companies on the x axis in order of their score, arranged from the lowest score on the left to the highest score on the
right. Note that the percentages shown on this axis doesn’t directly correspond with a score; rather, each indicates a
company’s position or rank in the dataset according to its score.
Then, for each percentage value on the x axis, one would plot on the y axis the percentage of all companies that had
gone out of business during that period which at the start of the period had been given the same score as that shown on
the x axis or lower. So the higher the y axis value, the better.
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This can be a little difficult to grasp on first reading. But if you consider a random model, it becomes more intuitive.
Imagine companies were assigned scores entirely at random, then arranged along the x axis as described above. Now
look at the y axis. 20% of defaulting companies would have been assigned a score of the same or lower than (the
highest score of) all companies with scores in the lowest 20%. At 30% on the y axis, they’d match with or be lower
than the corresponding score for 30%, and so on. So, the lower the corresponding value on the x axis, the better for a
non-random model.
Now let’s consider “perfect” models and actual models.
A “perfect” rating model would assign the lowest scores to the companies that went out of business. In the graph
above, such a model is shown by the curve that increases linearly from 0%, reaches 100% on the y axis at around 18%
on the x axis (the precise reasons for this are beyond the scope of this paper), and then remains constant at 100%.
An actual, real-life rating model fits somewhere between these two extreme models, and the closer the line is to the
“perfect” model, the better the model is. The area under the curve is often used to indicate the accuracy of the model;
the larger the area, the better.
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The two graphs below show modeFinance’s models. The one on the left is their qualitative model, based on every
company on Orbis without financials. As you can see, the yellow line indicates that the model is much better than the
random model. For the purposes of comparison, the graph on the right is for their quantitative model, based on the
MORE score. It’s more accurate than the qualitative score – as one would expect, being based on more quantitative
financial information
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Conclusion: the practical
implications of this
development and what it means
for your business
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“Look at the uncertainty over Brexit. Look at emerging markets
around the world. Look at the way supply chains are moving into
these markets and the number of SMEs and start-ups people
want to do business with,” enthuses Ted Datta, director of GRC
solutions at Bureau van Dijk’s London office.
The data around these companies is often thinner and less
structured, says Datta, and simply Googling them won’t wash.
While he’s cautious not to suggest that they’re a silver bullet,
Datta suggests that our new qualitative scores “plug some of the
gaps,” making risk assessment “less of
a gamble”.
It all hinges on reducing, if not eradicating, uncertainty. (We are,
as we say, in the business of certainty at Bureau van Dijk.)
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Ted Datta,
director of governance, risk and
compliance solutions at
Bureau van Dijk in the UK

His colleague Ryan Macromalli, director of risk solutions in the
same office, agrees. With years of experience helping clients
improve their credit risk operations, he points out that while this
enhanced module “won’t necessarily solve all your problems,
it offers additional insight and greater transparency through the
analysis of environmental factors.”
Macromalli continues: “qualitative scores don’t directly determine
a company’s probability of default or its credit limit” but they do
give some indication as to the overall health of a company.
In the case of one of his clients, a global manufacturing company,
51% of their customers had no external financial strength
indicators – until we gave them access to this enhanced module,
which has been embraced by their analysts.
Credit risk is a very precise game. Supplier screening is in some
ways necessarily less so. Procurement professionals are less
likely to be financial analysts by background or training. So
according to Datta, these scores can offer a useful and muchneeded “quick check” simply to “red-flag” companies to indicate
whether they might be a cause for concern, particularly in sectors
such as manufacturing.
Will this company be able to fulfil my order for parts for the
next three years? You might ask. Well, we can’t say for sure
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Ryan Macromalli,
director of risk solutions at
Bureau van Dijk

but a sound qualitative score, combined with a high confidence level, will give you a much better idea than you might
otherwise have had.
What’s clear is that whatever your starting point, due diligence surrounding financial strength must be attacked from
many angles. When one angle is out-of-bounds, you need to take a different view.
Non-financial financial strength scores provide one such view, even if the name needs some work.
But coming back to the book publishing analogy, the people behind these scores – modeFinance and Bureau van Dijk
– successfully delivered the well-established MORE score, which has informed the science behind and helped refine
qualitative scores.
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Contacting Bureau van Dijk’s credit and supplier risk specialists
To discuss your credit and supplier risk needs or to arrange a free trial, please call us on one of the numbers
listed at www.bvdinfo.com/contactus or email bvd@bvdinfo.com.
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